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ABSTRACT 1. INTRODUCTION

Multiple Clock Domain (MCD) processors are a promising future ~ Due to the trends of increasing clock speed and increasing scale
alternative to today’s fully synchronous designs. Dynamic Voltage Of integration, two fundamental problems are present in today’s
and Frequency Scaling (DVFS) in an MCD processor has the ex- synchronous microprocessor designs. First, global clocking dis-
tra flexibility to adjust the voltage and frequency in each domain tribution with low clock skew is becoming increasingly difficult.
independently. Second, power consumption is becoming a limiting factor to perfor-
Most existing DVFS approaches are profile-based offline schemegnance. One possible solution to these problems is a Multiple Clock
which are mainly suitable for applications whose execution char- Domain (MCD) processor, which uses the Globally Asynchronous
acteristics are constrained and repeatable. While some work hagand Locally Synchronous (GALS) clocking style [12, 20]. An
been published about online DVFS schemes, the prior approachedVCD processor has less clock distribution and skew burden. It is
are typically heuristic-based. In this paper, we present an effective also more power efficient due to the absence of a global clock dis-
online DVFS scheme for an MCD processor which takes a formal tribution tree. Another important benefit from an MCD processor
analytic approach, is driven by dynamic workloads, and is suitable is the extra flexibility in Dynamic Voltage and Frequency Scaling
for all applications. (DVFS), as the frequency and voltage in each function block or do-
In our approach, we model an MCD processor as a queue-domainmain can be adjusted independently. Therefore, DVFS in an MCD
network and the online DVFS as a feedback control problem with processor can achieve better energy savings than DVFS in a tradi-
issue queue occupancies as feedback signals. A dynamic stochagional (fully) synchronous processor [12, 23].
tic queuing model is first proposed and linearized through an accu- The goal of this work is to design aanalytic online DVFS
rate linearization technique. A controller is then designed and ver- scheme for an MCD processor. We categorize existing DVFS work
ified by stability analysis. Finally we evaluate our DVFS scheme (for MCD processors or other general processors) along two dimen-
through a cycle-accurate simulation with a broad set of applica- sions. The first dimension is the level of dynamism. The level of
tions selected from MediaBench and SPEC2000 benchmark suitesdynamism ranges from low: profile-based offline schemes, to high:
Compared to the best-known prior approach, which is heuristic- online schemes driven by dynamic workloads. Most existing DVFS
based, the proposed online DVFS scheme is substantially more ef-schemes are offline, for example [10, 16, 18, 28]. They typically
fective due to its automatic regulation ability. For example, we have use profiling to do offline analysis to obtain optimal DVFS settings
achieved a 2-3 fold increase in efficiency in terms of energy-delay for some set of assumptions about program data sets and execution
product improvement. In addition, our control theoretic technique model. Then either a compiler [10, 28] or a binary editor [18] is
is more resilient, requires less tuning effort, and has better scalabil-used to write the DVFS configuration into the application source.
ity as compared to prior online DVFS schemes. Naturally, the effectiveness of a profile-based DVFS scheme de-
We believe that the techniques and methodology described inpends on how similar the run-time characteristics are to the offline
this paper can be generalized for energy control in processors othe@nalysis at profile time. Therefore, DVFS schemes in this group
than MCD, such as tiled stream processors. are best suited to special-purpose applications, such as multimedia
applications, whose run-time characteristics are constrained and re-
peatable. In contrast, in our work we propose an online DVFS
scheme which takes runtime information directly from the proces-

Categories and Subject Descriptors: C.1.3 [Computer System
Organization]: Processor Architectures

General Terms: Design sor to infer characteristics of the application dynamically, and is
) ] thus suited to all kinds of applications.

Keywords: Dynamic Voltage/Frequency Scaling, Formal Meth-  The other dimension for categorizing existing DVES schemes

ods, MCD processors is the level of formalism. The level of formalism ranges from

purely heuristic-based to formal analytic schemes. Although many

offline schemes take mathematical optimization-based formal ap-

proaches [10, 16, 28], nearly all existing online DVFS schemes
Permission to make digital or hard copies of all or part of this work for are heuristic-based [11, 19, 23]. They typically include a set of
personal or classroom use is granted without fee provided that copies argnanually selected rules and threshold values. At run time, certain
EOt made or distributed for profit or commercial advantage and that copies - assar metrics, such as cache miss rate [19] or queue occupancy

ear this notice and the full citation on the first page. To copy otherwise, to ! .

republish, to post on servers or to redistribute to lists, requires prior specific |11, 23], are monitored. These metrics are then compared to the
permission and/or a fee. threshold values and one of the rules is applied depending on the
ASPLOS'040ctobe 9-13, 2004 Boston MassachusettéJSA. result of the comparison. The best known online DVFS scheme
Copyright 2004 ACM 1-58113-804-0/04/0010$5.00.
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for an MCD processor is the AttackDecay algorithm by Semeraro Front End Extemal

et al [23]. However, there are significant limitations in heuristic- L1-ICache Main memorﬂ

based schemes. First, for a result obtained from a given set of rules 4

and parameters, it is not analytically clear how to further improve
ROB, Rename, Dispatch

it and thus make the DVFS more effective. Second, the trial-and-
error tuning process for parameters is very time consuming. Third,
it is generally hard to scale the heuristics for a large system, as the
number of rules and the tuning effort required can grow exponen-
tially.

To overcome the above limitations, the online DVFS scheme in
this paper takes a rigorous analytical approach. We model an MCD
processor as a queue-domain network. The online DVFS problem Integer ALUs
is formulated as a feedback control problem with issue queue oc-
cupancies as feedback signals . Specifically, a stochastic model is_. . . .
prc?posed for the queue-dc?main dyr?amics. gince the queue-domairf'gurel: Theclock domain partitionsin an MCD processor by
system is inherently nonlinear, we first linearize the system through Semeraro etal [24]
an accuratéeedback linearizationThe controller is then designed

alnd verifie_d byfs:]ability anlzlilys_is. d Nex.tl,) a dpo'f_sib:le hﬁrdware im(; online DVFS controller. Thisis followed in Section 4 by experi-
plementation of the controller is described. Finally the proposed oo req)its for the purpose of evaluation. In Section 5, we give

qnline DVF_S scheme is evaluateo_l by_a cycle-accurate architectu_rea general outline of centralized DVFS design. Finally, Section 6
simulator with a broad set of applications selected from the Medi- offers our conclusions

aBench and SPEC2000 benchmark suites. Overall, we achieve a
power-saving to performance degradation rati®.af (i.e. on av-
erage,6.2% power is saved fot % performance degradation), as
compared to a ratio dt.5 for the conventional synchronous volt-
age scaling.
Compared to the best known prior online DVFS approach for an 2. BACKGROUND: MULTIPLE CLOCK
MCD processor [23] which is heuristic-based, the proposed DVFS DOMAIN MICROPROCESSORS

s_cheme has several_5|gn|f|cant ad\_/ant_ages. First, the analytlt_: N gime computer architects and chers have predicted that,
line DVFS scheme is more effective in terms of energy saving . - | resea .
for the same level of performance degradation. Experimental re- order to overcome the increasing severe problems of clock dis-
sults show we achievepan ener -delag roduct im rcr:vement 146% tribution and power consumption, future high-performance micro-
9y yp P 0procrs may need to have multiple clock domains (MCD) or use

higher than that of the best-known heuristic-based online scheme
. o b - X some form of asynchrony [1, 21]. MCD processors use the Glob-
in [23], and 11% higher than the semi-oracle-based DVFS schemeaIIy Asynchronous Locally Synchronous (GALS) clocking style

in [24]. We attribute this promising result to the automatic fre- [20]. Each function block or domain operates with an indepen-
guency/voltage regulation ability in the proposed DVFS controller, dentiy generated clock, and synchronization circuits ensure reliable
which leads to a more effective and precise decision on when, where . -
" ' inter-domain communication.
a_md how much to scale_. In addltlo_n, the proposed a’.‘a'.y“c on- Advantages of MCD processors include less clock distribution
line DVFS scheme'requwes less tuning effort than heuristic-based and skew burden, less power consumption due to the absence of
DVFS as the analytic DVFS chooses its control parameters throughaglobal clock tree, DVFS flexibility, and design modularity [20]
stability analysis. Furthermore, the analytic DVFS scheme is more The primary disadvantage of MCD processors is the inter-domain

scalable —we do not have to re-tune parameters or re-set rules in or- - o . L
. . communication and synchronization overhead. An interface circuit
der to include new resources. Also, we can extend it to a global and

centralized DVFS scheme, which will handle interactions amon Is needed if datap between two domains
multiple clock domains (as,will be discussed in Section 5) 9 one key design issue for an MCD processor is the choice of
Overall, we feel that the primary contribution of this work is where to partition the clock domains. It is sill an open r ch

threefold. First, our focus is on voltage/frequency control for MCD g:r?‘ﬂolrcr::]aggehggn ;?i tpaK/tlIS?&?Q?&;%E?&Q;%&;%%S@ ar-
architectures, which are relatively new and have great potential in "~ o A
terms of energy-saving and performance improvement. Second, thechltectural functional blocks as natural boundaries for clock do

. ; . : mains. For example, Figure 1 shows a 4-domain partition used by
proposed control-theoretic techniques applied to DVFS in MCD the MCD implementation by Semeraro et al. [24], which consists

rocessors have led to a 2-3 fold increase in efficiency compared to . . . ;
{)he best-known previous heuristic-based DVFS schéme iﬁ MCD of the front end, integer processing core (INT), floating point pro-
cessing core (FP), and load store unit (LS). The main memory is

e o SO ctele (el 07 concre o e st ok oot covl by
! piete, : pie, the processor (for more details see [24]). Another popular MCD

guarantee stability, achieve significant energy savings, and Oﬁerimplementation by lyer and Marculescu [12] uses a 5-domain par-
more graceful degradation even under extreme cases. Third, thistition which is similar to that in Figure 1 but with the front-end

is one of the first rigorous analytic approaches to DVFS control. splitinto two clock domains.

Erevnc_nus control theoretlc tec_hnlques exist [17], buF only for mu_l- Another key design issue for an MCD processor is the synchro-

timedia processors with predictable workloads, while our work is .~ .~ " . . .
for aeneral workloads nization interface design. A good interface design needs to have
T%e rest of the pa ér is structured as follows. In Section 2, we low latency, high throughput, and virtually no synchronization fail-
ive a brief reviewpofpthe MCD processor desi n and im Ieme’nta- ure (i.e. no metastability). Nearly all of the existing MCD interface
?ion Section 3 describes the m%delin desi r? and anaFI) sis of ourd%igns use some kind of queue structures for efficiency. Onegroup
' 9 an. y of designs [6] uses token-ring based FIFOs, which have avery low
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Figure2: A conceptual illustration of a perfect online DVFSfor
aclock domain in an M CD processor.

latency and low synchronization overhead (thereisno synchroniza-
tion cost if the token-ring FIFO is neither full nor empty). An-
other group of designs uses arbitration-based queue structures (of-
ten with a stoppable clock) [26, 29]. The designs in this group are
typically failure-free, but may need to check synchronization for
each data transfer. For example, the design by Sjogren and Myers
[26] includes arbitration and synchronization circuitswhich can de-
tect whether the source and destination clock edge are far enough
apart (i.e., greater than the so-called synchronization window size
in [23]), in order for the source generated signal to be successfully
accessed at the destination. This design has been used by the MCD
implementation in [24]. Note that for a situation like that in Fig-
ure 1, where issue queues already exist between some domains, the
interface queue structure can be integrated with the existing issue
queue to form a combined issue/interface queue structure.

The MCD implementations in [12] and [24] also provide the ca-
pability of independently configuring the frequency and voltage in
each clock domain. An aggressive XScale-style DVFSmode [7] is
assumed, in which a clock domain can execute through the DVFS
transition and the penalty is negligible due to a domain being idle
waiting for the PLL [7]. Also, the XScale model allows any fre-
quency to be used within the allowable range.

The quantitative benefit/overhead studiesin [12, 24] have shown
that an MCD processor hasthe potential to achieve significant power
and performance efficiency. However, many design and control is-
sues remain open and need more investigation in order to fully take
advantage of the power/performance benefits brought by the MCD
processors [20]. Online DVFS is one of these issues, as we will
show next.

3. ONLINE DVFSDESIGN: AN ANALYTIC
APPROACH

3.1 Problem formulation

Conceptually, the online DVFS problem for an MCD processor
is to scale the frequency f to match the varying performance de-
mand in each clock domain. In other words, we want to adapt fre-
quency to workload changes. Figure 2a depicts a typical scenario
with varying demand or workload. For a clock domain, changing
clock frequency will generally change the execution speed or ca-
pability of the domain. So, a perfect DVFS scheme will lead to
a perfect match between the demand and domain execution capa-
bility, as illustrated in Figure 2b. In the figure, perfectisin the
sense of no performance degradation and elimination of all energy
wasted due to excessive capability slack. Thus, the goal of our on-
line DVFS scheme is to get results as close as possible to that of
perfect DVFS.

AW »\NV ~
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Figure 3: A single queue model for a clock domain with an
input queue.

Note the excessive capability slack in Figure 2ais just the gap
between the capability line and the demand line. We refer to the
energy wasted due to this slack as Eg 4. S0 for aperfect DVFS
in Figure 2b, the energy savings will be al of the Fy 5oy

In addition, in Figure 2, we can continue to scale the execution
capahility line arbitrarily low below the performance need for non-
realtime applications to get more energy savings, but that comes
with a price of performance degradation, as the performance de-
mand can not be satisfied. We call this part of energy savings
non-slack energy savings or Fyyqn.q ack: t0 distinguish it from the
“free” energy savings due to the elimination of Eg .

In this paper, we want to make use of the queues in an MCD to
guide DVFS. Recall from Section 2 that there are interface queues
between clock domainsfor synchronization. Intuitively, these queues
give clues about the speed balance between the sender domain and
the receiver domain. For example, an emptying queue may mean
the receiver is too fast relative to the sender; a filling queue may
mean it istoo slow; a stationary queue means a perfect match of re-
ceiver speed relative to the sender. This suggests afeedback control
scheme for DV FS which uses the queue occupancy as a feedback
signal to control the domain frequency, making its execution speed
adaptive to varying demand. If the adaptivenessis fast enough, the
DVFS scheme should get results close to the perfect matching in
Figure 2.

There are, however, significant challenges to pursuing this idea
along arigorous analytic direction. First, to design a simple, hard-
ware controller based on control theory, we need an analytical model
for the involved queue and domain dynamics. Second, the queue-
domain relationships are inherently time varying and nonlinear. So
techniques may be needed to solve the nonlinearity problem accu-
rately before we can design an effective DVFS controller.

In the rest of this section, we describe modeling and design of
an online DVFS scheme for local queues and domains. That is,
the DVFS controller considers each queue locally and separately,
assuming the interactions between queues are weak and can beig-
nored (the so-called decentralized DVFS scheme). We leave the
issue of centralized DVFSto Section 5.

3.2 Overview of modeling and design of DVFS
controller

This subsection isintended to give an overview of the modeling
and design of our online DVFS controller without going through
control theoretic and mathematical details (those details will be
given in subsections 3.3 - 3.6).

We use alocal queue model as shown in Figure 3. Thecirclein
that figure represents the clock domain being considered (such asa
floating point functional unit). The domain has a frequency f and
an execution capability or service rate u, which isafunction of f.
The performance demand is denoted as A. The queue has a finite
size. (Note this model uses an input queue to a domain. For the
case of an output queue, duals of the arguments in this section will
hold.)

Figure 4 shows the design flow of our DVFS controller, with the
block diagrams corresponding to the major steps for our methodol-
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Figure 4: Design flow for our DVFS controller in MCD proces-
sors. Section numbers inside the blocks indicate the location
wher e the details of each design step can be found.

ogy. Theinputsto the modeling and design blocks are the processor
(MCD) specification and the DVFS control specification. These
include queue length, clock domains and their frequency ranges,
control interval (i.e. the time interval for one possible change of
frequency/voltage), sampling period, queue measures used as feed-
back signals, and other control performance requirements such as
maximum percent overshoot allowed.

The first major step is the modeling of the involved queue and
clock domain dynamic. (The details are described in subsection
3.3.) Based on the processor and control specifications, we derive a
mathematical model for the controlled system, which is expressed
as a set of difference equations. These equations describes the dy-
namic relationship among the feedback signal (g), the demand (),
and the frequency (f).

The next two major steps are the system linearization and thelin-
ear controller design (both are described in subsection 3.4). Since
the controlled queue/domain system is inherently nonlinear, we
first linearize the system using an accurate linearization technique
caled nonlinear transformation [2]. As shown in Figure 5, this
technique essentially adds a nonlinear transformer to the feedback
path to compensate for the nonlinearity in the original controlled
system. We then design a variation of the Proportional-Integral-
Derivative (PID) controller for thislinearized system, which iscom-
monly used in industry [14, 27]. Intuitively, the PID-based con-
troller adjusts the execution rate to adapt to the workload change.
Thisadjustment isin proportion to the val ue of theworkload change,
the rate of the workload change, and takes into account the prior
history of workload changes. Figure 5 shows the control block di-
agram, where q is the measured feedback signal; g, is the target
or nominal queue operating point; e is the error signal and the in-
put to the PID-based controller; 1 isthe obtained control signal (or
actuate signal) which is proportional to the value of the error, the
integral of previous errors, and the rate of the error change; f is
the frequency and is obtained from g through a nonlinear transfor-
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Figure 5. Control block diagram for a Proportion-Integral-
Derivative (PID) controller for DVFS.

mation; demand X is the disturbance input which the controller is
trying to adjust the execution rate to match.

The control parameters (or control gains) for the PID-based con-
troller are decided by the stability and control performance anal-
ysis. Note these control gains are the main output of the analy-
sis/design toolbox. The next major step is to take the design with
the control gains, and implement it in hardware (we show a possi-
ble hardware implementation in subsection 3.5). This finishes the
design cycle of aDVFS controller in MCD processors.

A key design setting for the above DVFS controller is the ref-
erence queue occupancy gr.r. Aswe will show in subsection 3.6,
the value of ¢,.. ; Specifiesthe actual tradeoff between performance
degradation and energy saving. We can increase ¢..; to make
DVFS control more aggressive in saving energy, or decrease g s to
value performance more. Note that a design could make the value
of ¢, adjustable by the OS or application software (e.g. through
a special mode set instruction). This mechanism provides an op-
portunity for hardware/software cooperation in the sense that the
hardware is responsible for implementing the fine details of speed
adaptation while the OS/application software will make the overall
policy decision (through g, ) on how aggressively to save energy
or preserve performance.

In the rest of this section, we will describe in detail the design
steps in Figure 4. We will start with the modeling and linear con-
troller design, which involves some control theoretic and derivation
details. (People who are already familiar with these derivations or
are not interested in these details may wish to skip subsections 3.3
and 3.4.) In practice, these control theoretic techniques/details can
be incorporated into an analysis/design toolbox. A designer isable
to use the toolbox to get the control parameters, and then use them
directly in the DVFS policy controller design.

3.3 Analytic modeling of queue and clock
domain dynamics

As mentioned earlier, we use a local queue model as shown in
Figure 3. For a clock domain, the frequency and corresponding
voltage cannot change instantaneously, and there is a minimum
time requirement for one possible change of frequency. So we have
acontrol interval such that the frequency isfixed inside an interval.
Using T as the length of a control interval, the &, control interval
is just the time period [kT', (k + 1)T]. Also we denote N as the
total number of sampling periods in a control interval, and assume
each sampling period has alength of At,s0 T = NA¢.

Wewant to first model the performance demand and service rate
in acontrol interval. The demand Ay and service rate ;) inside
each control interval are modeled as an independent and stationary
random process aong the time axis [9] (i.e., they have identical
distributions for all ¢ inside an interval). We denote the expected
values and variances (or noise levels) of ), p) as A, Vi, i,
and V{,,) respectively. (From now on, for avariable =, we will use
z and V|, to represent the expected value and variance of x.) Also,



we use asubscript k asin A, V{»,) to indicate these values are for
the k;;, control interval.

Consider ¢(t) as the queue occupancy at time ¢. Then the ba-
sic queue equation is expressed as follows (essentially a simplified
version of the Lindley equation [15]) :

(M) — b)) At @)

Intuitively, this means that queue occupancy change in a unit time
is equal to the number of arrived elements minus the number of
departed elements in that unit time.

Next we want to use the above basic queue equation to model the
queue-domain dynamics across different control intervals. First,
we need to define the feedback signal and other necessary dynamic
state variables. For a control interval, there are a number of ways
to measure the queue utilization and use it as a feedback signal to
the controller. In this paper, we use the average queue occupancy
over al sampling points in the previous interval as the feedback
signal for the current interval (as was used by the heuristic-based
DVFSapproach in[23]). We denote thisfeedback signal for the k.,
control interva as q,. Also, the queue occupancy at the starting
point of the k., interval is g, so we have ¢, = q(kT). If we
express these two dynamic state variables g, and g in terms of
values from the previous interv% , we have

q(t+at) — 4d(t)

(112 % ; q((k—1)T+iAt)

@

qk
Next we recursively expand equations (2) using the the basic queue
dynamics in (1) and take the expectation of both sides of the ex-
panded equation. Since both A\ and p are stationary in a control
interval, A\, and fi;, are independent of time ¢ for any k. So we
have

q((k—1)T+NAt)

v —

N—1 i _

q'y qr—1 + % Eo 2)()\1@71 — fik—1)At
i Jj=

Tr—1 + TERE (Nem1 — fik—1)

qx Gr—1 +(/\k 1— fk—1)T

Intuitively, this means ¢/, the average queue occupancy over a
control interval, is equal to the sum of the queue occupancy at the
beginning of the interval (gx—1) and the average queue changes
due to the differences between the demand rate A, and the ser-
vice rate fip—1. A Similar interpretation exists for g, the queue
occupancy at the beginning of next interval, in the above equation.

The above equation describes the dynamics in the considered
queue-domain system across different control intervals. The RHS
of equation (3) is expressed in term of the expected value of the
service rate fix, while the real control signal is fi. So we need to
model their relationship. We use the following model

— 1
HE = 5
t1+f—lf

©)

- ©)
The above equation comes from the fact that, in most clock do-
mains, execution time can be separated into two parts—one that is
independent of frequency and one that is dependent. For example,
in a load/store domain, the time spent for accessing asynchronous
memory due to a cache missisindependent of frequency, whilethe
time for querying and accessing cache is dependent on frequency.
Accordingly, in the above model, ¢, is the average amount of unit
time (or task step) per instruction that is independent of frequency,
and C. is the average number of frequency-dependent cycles per
ingtruction. Parameters #; and C2 can be estimated dynamically
using techniques similar to those in [13, 28].

Putting (3) and (4) together, and dropping At in (3) as T > At,
we have an analytic model for the considered queue-domain system
as

252

Origina
system

demand A
N IIIIl@
g

demand A

Nonlinear Linear Transformer
controller controller fl
@ (b)
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Note in the above modeling of queue dynamics, we assume the
queue at the nominal operating point is partialy full. The queue-
domain relations when the queue is completely empty or full will
be different from that in (1), which must be modeled using some
discrete binary functions like those we will use in Section 5.

In addition, in the above model, we have only considered the
expected values of A and p, and have not considered the variance
or noiselevel of theinput V{,), V{,,). Particularly, we want to check
how the input noise propagates in the feedback signal ¢’, since the
noisein thefeedback signal may affect the efficiency of acontroller.
We compute the variance V: in one interval, assuming the queue
occupancy isknown at the beglnnlng of theinterval. By expanding
the first sub-equation in (2), taking the variance of both sides of
the expanded equation, and following the variance calculation rules
[9], we have

i

T+At
@) T 13_T : Voo + Vi)
2 (V(/\k—l) +‘/(Nk—1))

From (6), we see the variance or noise in the feedback signa ¢
is not amplified and stays at a roughly the same level as the input
noise. This is beneficial to the controller because smaller noise
in the feedback signal tends to have less negative impact on the
efficiency of the controller.

3.4 DVFScontroller design

A straightforward design approach for our goals would be to de-
sign a controller for fi, as shown in Figure 6a. However, as indi-
cated in equation (5), this control system isnonlinear, and it is gen-
erally hard to design an effective controller for a nonlinear system,
as there are very limited control techniques and tools for a general
nonlinear system [14]. Fortunately, the nonlinearity inside this sys-
tem can be separated, so we can have anonlinear transformation on
the feedback path to compensate for the nonlinearity in the original
system dynamics; in this way, the compensated system becomes a
linear one. This accurate linearization technique is the so-called
feedback linearization or nonlinear transformation [2], as shown
in Figure 6b. Specifically, we take . as the control signal for the
compensated linear system. The actual or internal control signa f;,
is obtained through atransformation on the feedback path.

After the linearization, we can design the controller using arich
set of linear control techniques [14]. A popular choice would be
a variation on the Proportion-Integral-Derivative (PID) controller.
In this work, we use a Pl controller because it is relatively simple

(6)
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Figure 7: Step response for the system in (7) with K; = 0.2,
K% =0.6.

to design and robust in terms of steady-state control performance.
The controlled system with the PI controller can be described by
the following state equations.*

ar = Q-1+ ZT(Ae—1 — fe—1)
G = Ge-1+ Ae—1—fx-1)T
ek = ¢y —Grey (7
fr = pr—1+ Krex + Kp(er —ex—1)
fr = 2
1—t1 g

where the first two sub-equations are smply the analytic queue-
domain model in (5); gr.s is the reference queue occupancy, i.e.
the target or nominal operating queue point (more discussion of
this in Section 3.6) ; ex isthe error signal; ux isthe new service
rate coming from the PI controller, with K; and Kp the control
parameters (or the so-called control gains); fx is the new clock
frequency obtained by solving (4) for fi.

We then can proceed with stability and transient performance
analysis of (7) and choose appropriate control gains K; and Kp
[14], as described next.

In equation (7), we define wy, as the output signal, and A\, as
the disturbance input signal. Also we define new constants K7
KT, Kp = KpT. We can get the transfer function through
the input-output difference equation and the z-transformation [14].
From the transfer function, we can get the corresponding charac-
teristic equation as

23 + (Kj+ Kp—4)22 + 2+ Kp)z—Kp = 0 (8)

From stability theory [14], the system in (7) is stableif and only if
theroots of (8) areall insidethe unit cycle of the z-plane. Assuming
the roots of (8) are z1, 22, and z3, we have the following relation-
ships between the roots and the setting K7, K, using a standard
coefficient matching technique.

K; = 2(z122 + 2223 + 2321) — 2
’
Kp = 2z12223 (9)
3—2120—21—22
%3 Z1zatzatzatl

With equation (9), we can use the poles-placement technique [14]
to choose the appropriate K7,K » setting for a given stability mar-
gin and transient performance requirement. For example, if z; and
zz are chosen with avery small magnitude (e.g. z1 = z2 = 0.25,
as smaller magnitudes give faster settling times), z3 will be placed
outside the unit cycle in the z-plane (e.g. 23 = 1.6) and the sys-
tem will be unstable. So to make the system stable, we need to
choose z; and z> with a relatively large magnitude and sacrifice
the settling time a little bit. We also may want it relatively under-
damped in order to have afast rising time, assuming we can tolerate

!Note these equations describe the dynamic relationship between
the state and control variables. For the control relationship between
these variables, please refer to the control block diagram in Figure
5in Section 3.2.
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Figure 8: Block diagram for a possible hardware implementa-
tion of the DVFScontroller in a clock domain.

the overshoot caused by the underdamping. Considering all of the
above, one good placement isto have z;,2 = 0.5 £+ 0.5¢, z3 = 0.6,
and the corresponding K; = 0.2, K> = 0.6. Figure 7 shows the
step response of the system in (7) for this setting.

Note, in the above controller design, we assume frequency fi
can vary without bounds. In practice, f. has an upper bound and a
lower bound. Also, there is a maximum possible frequency change
in one control interval for agiven interval length and clock chang-
ing rate. So, in practice, the DVFS controller would need to check
with these bounding values. In addition, we assume an XScae-
stylefrequency control which allows continuous frequency changes.
For processors which alow only stepwise frequency changes, the
DV FScontroller would need to choose a discrete step which isclos-
est to the requested continuous value.

3.5 Hardware implementation of the DVFS
controller

The most important hardware required to implement the pro-
posed DVFS scheme are the queues. As these queues already ex-
ist as synchronization queues between clock domains, the online
DVFS controller for an MCD processor uses the existing hardware
ina“two for one” style.

The rest of the required hardware includes two counters, which
are similar to the hardware countersin [23]. One is used to frame
the control interval (a time counter or instruction counter). Since
the length of a control interval is typically a few thousand cycles
or instructions, a single 16-bit counter should be sufficient. The
other one is a queue counter to get the cumulative queue occu-
pancy. Given that a queue size is typically around 20 (< 2°) and
we have to total up such occupancies over < 2'6 cycles, a 22-hit
queue counter should be sufficient. One possible implementation
for computing the average queue occupancy is to choose the inter-
val length as power of two and use a shifter as shown in Figure 8.
The most complicated part isthe logic required to compute the con-
trol signal (f). Sinceit is done only once for each control interval
and is not time critical, this computation can be finished in multiple
cycles. Specifically, thislogic first needs to compute i, as

pr—1+ Ki(q'y, — Gref) + Kp(d'y, — ¢'1_1)

One possible implementation for this task is shown in Figure 8,
which uses two adders to compute the queue differences, and two
pre-computed lookup tablesto get the actual control gains or changes
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(one for K; and one for Kp). The actua size of the lookup tables
depends on the queue size, the resolution of the queue values, and
the control gains. For a queue size of 32, aresolution of 0.25 for
queue values, and a 7-bit Kp or K resolution, each lookup table
reguires 128 entries and 15 bits per entry asillustrated in Figure 8.

Thislogic also needs to compute values of (f) withp = 1/(t1+
Ca/f). Thet; and Co can be estimated online by some perfor-
mance counters [28]. The rest can be computed by a multiplier or
using again some pre-computed |ookup tables. In order to reduce
the hardware requirement for this part, we approximate the u(f)
function with some piece-wise linear functions. (An illustration is
given in Figure 9 with #; = 0.35, C2 = 0.1.) That is, we divide
the frequency range into many small pieces, each of which is cen-
tered at an operating point. Then for f inside a small piece, . can
be computed using a linear function = IPC - f, where IPC
is the effective IPC at the center operating point. For the exam-
plein Figure 9, we have u = IPC, f for f inside a small piece
around operating point (fi,p1), and u = IPC>f for the small
piece around ( f2, u2). If the size of the frequency piece is small,
this will give a quite good approximation. (In the next section we
will see that because the frequency change rate is relatively slow
in an MCD processor, the maximum possible frequency change in
an interval is relatively small; thus the error from this piecewise
approximation is relatively small.) With this approximation, the
hardware required to compute u ~ f will be reduced. We will
needtoestimate I PCl fective ONlineusing aregular I PC counter,
then compute the new frequency f using the current f, total control
gains (changes), and I PC as shown in Figure 8. The computing
logic for this part can beimplemented using a pre-computed |ookup
table as discussed above, or using a 16-32 bit multiplier depending
on the frequency resolution. As mentioned earlier, this computa-
tion is not time critical, so we can use some serial multiplication
techniques to further reduce the hardware requirement. Finaly, the
new frequency signal f will be used by the frequency and voltage
control mechanism in aclock domain.

Overall, only amodest amount of hardware support is needed to
implement the online DVFS controller.

3.6 Specifying energy and performancetrade-
offswith Qyef

In the DVFS controller design in previous subsections, the ref-
erence queue g, specifies the nominal operating queue point. In
principle, g, s can be any value which is neither full nor empty (i.e
0 < grey < 1, if expressed relative to the queue size). In this sub-
section, we show the position of g, Specifies the actual tradeoff
between performance degradation and energy efficiency.

We continue to consider the single queue model in Figure 3. No-
tice that, for this queue system, the steady state throughput (i.e.
the steady state performance) degrades if and only if the queue is

254

full. That is because, at that point, the performance demand from
the upstream domain cannot be satisfied and the arriving processis
forced to stall. Similarly, energy is wasted if and only if the queue
isempty, because the domain is running idle and not doing any use-
ful work. Note, control errors and input noise/variation are the two
major causes for the queue to become full or empty.

In addition, we notice that the distance from the nominal oper-
ating point (gr.) to the full-end queue point, [grer, 1], reflects the
relative margin for the queue to tolerate the control errors and in-
put variation before the queue becomes full and loses performance.
Similarly, the distance from g¢,.s to the empty-end queue point,
[0, grey], reflects the margin to tolerate errors before the queue be-
comes empty and wastes energy.

Therefore, if g isincreasing, then the distance [g ¢, 1] is de-
creasing and the system ismorelikely to suffer performance degra-
dation. On the other hand, for an increasing g,.s, the distance
[0, grey] is @so increasing and the system is less likely to waste
energy. Qualitatively, the bigger the ¢,.r, the more performance
degradation and the more energy savingsin general. We can choose
how much energy performance tradeoff we want by choosing an
appropriate g-.¢ in our online DVFS controller.

As mentioned in section 3.2, in our design, we can also leave
the policy parameters like g, adjustable by the OS or application
software. So the OS/application can direct the overal power man-
agement with a simple lever (making the overall decision on how
aggressively to save energy or preserve performance) whileleaving
the actual implementation details of speed adaptation in hardware.
This mechanism shows an example of hardware/software coopera-
tion in DVFS control.

In the rest of this subsection, we will further give a quantita-
tive theoretic estimation of the performance degradation and en-
ergy savings as afunction of g, ¢ (later, in Section 4, we will show
the actual experimental results). Denote the control error ase., the
input variation as ,, and the queue length as L. In concept, we
have the following

Performance = PerfectP — Degradation
= PerfectP — D(qref, L, €c,€v)
Energy Savings = Eqack — Wasted + Epon-olack

= Eslack - W(qreﬁ L,ec,e0) + Enon-slac(l)()

where PerfectPisthe perfect performance of Figure 2, D isthe per-
formance degradation, Eq gk and Engn-qack are the slack energy
savings and the non-slack energy savings defined in Section 3.1.

From (10), we see the value of Energy Savingsismostly decided
by the Eq g0k in the origina program and the value of non-slack
energy savings. The energy wasted W is affected directly by gres
as we mentioned. So in general, as gr.y increases, W decreases,
(also non-dlack energy savings increases ), and the overall Energy
Savings increases.

The relative performance, on the other hand, is more closely re-
lated to gy as shown next. To get a theoretical estimation of the
relative performance, we assume the program variation pattern is
more or less exponentially distributed, so the demand and server
process can be approximated by a Markov model [3]. The queue
system considered in this section can be modeled as an M/M/1/L
queue [3]. Also, assuming the controller error . is O, we have
i = A and the server utilization p = 1 [3]. For agiven g,.y and
queue size L, the probability that the queue becomes full is

1
(I —greg)L+1
Using equations (10) and (11) , we have the performance as

Ploss = (11)
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If we use the performance at g,.; = 0 as the base performance,

then we can compute the relative performance as afunction of g ¢
from (12) as

(12)

(I —gref)(L+1)
(1 - qref)L +1

Figure 10 shows an example curve from equation (13) with L =
10. It is observed that the relative performance degrades as g
increases, and the slope increases dramatically.?

The intention of the above analysis is to get some analytical in-
sight on how the relative performance degrades with g..¢. In Sec-
tion 4, we will give the actual experimental results on performance
and energy saving as afunction of gr.y.

Relative Performance

(13)

4. EXPERIMENTAL RESULTS

In this section, we present experimental results to illustrate and
evaluate the effectiveness of the proposed online DVFS scheme.

4.1 Simulation methodology and setup

Our simulation environment is based on the SimpleScal ar tool set
[5] with the Wattch [4] power estimation extension and the MCD
processor extension [24]. The MCD extension by Semeraro et al.
in[24] has 4 clock domains as shown in Figure 1. It also includes a
cycle-by-cycle computation of the synchronization overhead dueto
independent clock frequency, phase, and clock jitter. An XScale-
like dynamic voltage and frequency changing mechanism has been
implemented, which allows any frequency to be used within the
allowable range, as described in Section 2.

We have made two major modifications to the simulation core, in
order to have a more accurate energy and performance estimation.
First, the load-store queue in the MCD simulator has been split
into a separate |oad-store issue queue and a load-store retirement
buffer. Second, the energy computation in the latest MCD simula-
tor [18] uses aformulainherited from Wattch, which computes the
energy as the sum of power on a cycle-by-cycle basis. While this
formula works fine for a processor with a fixed frequency, it may
give overly-optimistic energy results for a processor with dynam-
ically varying frequency. So we modified the energy computation

2Note, in redlity, the applications’ variation patterns are typically
not strict-exponentially distributed. So the actual performance-g,..
curve might be slightly different from that in Figure 10. Further,
different applications may have different execution variation pat-
terns, which may lead to different performance-g, s curves.
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Table1: Summary of All Simulation Parameters

Simulation Parameters Value

Reference queue point 6 INT,5FP, 3LS
Domain frequency range 250MHz — 1.0GHz
Domain voltage range 0.65V - 1.20V
Frequency/voltage change speed 73.3ns’MHz, 171 ng/2.86mV

10000 instructions
4+110ps, normally distributed

Control interval length
Domain clock jitter

Inter-domain synchro window 300ps

Branch predictor:
2-level L1 1024, hist 10, L2 1024
Bimodal Size 1024, BTB 4096 sets, 2-way
Combined size 4096

Decode/I ssue/Retire width 4/6/11

L1 data cache 64K B, 2-way

L1 instr cache 64K B, 2-way

L2 unified cache 1MB, direct mapped

Cache accesstime
Memory access |latency

2cycleLl, 12 cyclesL2
80 first chunk, 2 inters

Integer ALUs 4 + 1 mult/div unit
Floating-point ALUs 2 + 1 mult/div/sgrt unit
Issue queue size 20INT,16 FP, 16 LS
Reorder buffer size 80

L Sretire buffer size 64

Physical Register filesize 72 INT, 72 FP

formulato account for the varying frequency in an MCD processor
with DVFS.

We implemented the online DVFS controller for loca queues
and domains, following thedesign in Section 3. Also, asin[18, 23],
we made the front end domain run at a fixed maximum speed, and
allowed the INT, FP, and LS domains to be controlled by the DVFS
controller. We assume a performance degradation target of about
4%, which is roughly the same as that in [23]. Using the curve in
Figure 10 as a general guide, we chose the reference queue point
grey @sroughly % of the total sizefor INT and FP domains. ( That
iS, grey 156 for the INT domain, 5 for FP). Since the LS domain
is relatively more critica to the overall performance as shown in
[20], we chose its ¢r.; t0o be 3 which is roughly % of the total
size. For the y and f relationsin (4), we used the piece-wise linear
approximation p1 = IPCleygectivef @ discussed in Section 3.5.
Also, we assume clock gating will be applied whenever the unit
is not used. All other architecture parameters are chosen to have
the same values as those in [18, 23]. A summary of all smulation
parametersisin Table 1.

We want to evaluate our online DV FS scheme with abroad set of
applications. To show variety, we will present results for 6 Medi-
aBench applications, 8 SPECint applications, and 4 SPECfp appli-
cations as shown in Figure 12. We chose roughly the same subset
of SPECint and SPECfp asthose used in [18, 23]. We believe these
programs form a representative set as they display arange of pro-
gram behavior. For MediaBench benchmarks, we use the officia
data input set in the MediaBench web site and the whole program
as the simulation window; for SPEC2000 benchmarks, we use the
reference input set and choose the simulation window using the
published Early SimPoint numbers [22].

As an illustrative example, in Figure 11 we show the frequency
setting from the online DVFS controller for the benchmark EPIC-
Decode. The corresponding average queue occupancy traceis also
shown there. Clearly, there is a strong correlation between the
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Figure 11: Frequency trace from DVFSfor the benchmark EPIC-Decode in the top row, and the corresponding queuetracein the

bottom row.

queue traces and the obtained DVFS frequency settings. This cor-
relation is most obvious for the FP domain where the FP issue
queue is empty except for two distinct phases. At the beginning,
the DVFS controller detected the queue emptiness and gradually
reduced the FP frequency to fiin = 0.25GHz. Then there was
amodest frequency recovery in the first phase. During the second
phase, the DVFS controller detected a dramatic increase of queue
entries (i.e. increasing demand to the FP clock domain) and quickly
adjusted the clock frequency t0 fine. = 1.0GH z. Thecorrelations
for the INT and LS domains are similar, but are less obvious as the
queue traces become relatively more complicated.

Next, we will look at the energy/performance efficiency of the
proposed online DVFS controller, and compare results with those
from some best-known prior work.

4.2 Energy and performance resultsfor
different approaches

To compare our results to other prior DV FS approaches, we hold
performance roughly the same for all approaches and look at met-
rics such as energy savings, energy-delay product improvement,
and power/performance ratio. We define the power/performance
ratio as percentage power saved per percentage performance degra-
dation — that is, what percentage power is saved for one percent
performance degradation. Note this definition isthe same asthat in
[23].

We will present results from our analytic online DVFS scheme
(denoted as Analytic). We compare them to those from the heuristic-
based online DVFSin [23] (denoted as Heuristic), and those from
the semi-oracle-based DVFSin [24] (denoted as SemiOracle). The
SemiOracle assumes the DVFS, by oracle, has full knowledge of
existing slack in a program, and uses a Shaker algorithm to de-
cide DVFS settings. So its results are not realistic, but serve as a
comparison. (However, as stated in [24], the SemiOracle result is
not the upper bound for al possible DVFS results.) The parame-
ters we use for Heuristic and SemiOracle are taken from [23] and
[24], with a 5% performance degradation target for Heuristic and
1% for SemiOracle because these target values will lead to an ac-
tual performance degradation similar to Analytic. We also want
to compare our results to those from the conventional (fully) syn-
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Table2: Averageresultsfor different schemes, relativeto a con-
ventional (fully) synchronous processor.

Performance | Energy | Energy-Delay Power/
Schemes degradation | savings product Performance
improvement ratio
Analytic 3.6% 19.6% 16.7% 6.2
SemiOracle 3.7% 18.1% 15.0% 5.6
Heuristic 5.8% 11.9% 6.8% 3.0
Synchro 4.7% 7.6% 3.3% 25

chronous voltage scaling (denoted as Synchro) which scalesthefre-
quency/voltage for the whole processor. It is set to get roughly the
same performance degradation as other approaches?

The performance degradation, energy savings, and energy-delay
product for each benchmark are shown in Figure 12. Theresultsare
relative to the conventional (fully) synchronous processor without
voltage scaling. So all resultsfor MCD include about 1.5% percent
inherited performance and energy overhead from the baseline MCD
processor, as discussed in [23]. The average results over al 18
benchmarks are summarized in Table 2.

From Table 2 and Figure 12, there are several interesting ob-
servations. First, the overall results from Analytic DVFS are very
promising. We achieve a power/performance ratio of 6.2 on aver-
age relative to a fully synchronous processor. Second, compared
to results from Heuristic DVFS, Analytic DVFS achieves far better
results in terms of Energy-Delay Product (EDP) improvement and
power/performance ratio. For example, the average EDP improve-
ment by Analytic is 146% higher than that of Heuristic (16.7% vs
6.8%, with numbers relative to a synchronous processor). Analytic
DVFS aso produces an average result better than those of SemiO-
racle. For example, the average EDP improvement by Analytic
is about 11% higher than that by SemiOracle (16.7% vs 15.0%)*

3We were not able to implement synchronous dynamic voltage
scaling, so the Synchro results are for static scaling which may
under-represent the benefit of synchronous voltage scaling.

4The SemiOracle results from our experiments are close to the pub-
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Figure 12: Performance degradation, Energy savings, and Energy-delay product improvement for each benchmark; different
schemes ar e Synchronous voltage scaling, Heuristic-based online DVFS, SemiOracle DVFS, and Analytic online DVFS.

These results show the effectiveness of the proposed analytic online
DVFS scheme due to the automatic regulation ability of a DVFS
controller.

Lastly, al MCD DVFSresults (both analytic and heuristic-based)
are much better than those by the synchronous voltage scaling,
which shows the energy savings potential of a MCD processor due
to the extraflexibility in DVFS control. Note that the Synchro num-

lished results (relative to a synchronous processor) in [23, 24] . We
noticed, however, that the Heuristic results are not close to the re-
sults reported in [23]. We carefully examined the differences and
consulted the authors. We found, in addition to the differences
due to the energy computation formula mentioned earlier, there are
other possible reasonsincluding different simulation windows, dif-
ferent implementations of the voltage changing mechanism in the
latest distribution of the MCD simulation tool set [25], and different
ways of computing average numbers for media benchmarks.

bers from our experiments are lower than what is usually expected
from the fact that performance scales linearly with f while energy
scales quadratically with v. The main reason isthe voltage rangein
our experimentsis only half that of the frequency range. As stated
in [23], thisreflects the current trend of shrinking voltage rangesin
processor designs as the supply voltage continue to scale aggres-
sively relative to the threshold voltage.

4.3 Energy-performance tradeoffsasa
function of Qyer
In the last subsection, the reference queue operating point gy
for all benchmarks were set to the values in Table 1—roughly %
of the total size. Also, in Subsection 3.6, we have shown analyti-
cally how the performance and energy vary asafunction of g-.5 in
general. In this subsection, we show that experimentally.
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Figure 13: Relative performance degradation as a function
of gr.s for individual benchmarks — adpcm-encode (A), epic-
encode (O), and jpeg-encode (o).
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Figure 14: Average relative performance degradation over the
6 MediaBench benchmarksas a function of g,

We use the 6 MediaBench benchmarks in the last subsection for
this study, as they are relatively small. For each benchmark, we
apply the Analytic online DVFS control with arelative gy varying
from 0.0 to 1.0 (the same g,y value for al three INT, FR, and LS
queues). We then compute the performance and energy savings
relative to the values for the baseline MCD.

Figure 13 shows the relative performance as a function of gy
for 3 of the MediaBench benchmarks. (Note, in our simulation,
each domain has afrequency lower bound of 0.25GHz, so the low-
est relative performance in Figure 13 isnot 0.) From this figure we
seethat, dueto different execution variation patternsin different ap-
plications, their performance curves have dlightly different shapes
and slopes. We also computed the average relative performance
over all 6 MediaBench benchmarks, as shown in Figure 14, which
has a shape relatively close to the analytic estimation in Figure 10.

Recall that from Section 3.6, the energy savings is aso affected
by gr.y. The general trend is that energy savings increase as gre s
increases. Figure 15 gives an illustration of this general trend using
the average relative energy savings over the 6 MediaBench bench-
marks.

Thus, we believe the results in this subsection and Section 3.6
shows both analytically and experimentally how the energy perfor-
mance tradeoff is affected by the g,.; setting in our DVFS con-
troller.

5. DISCUSSION OF FUTURE WORK

The online DVFS scheme studied in previous sections is decen-
tralized. That is, it uses only local queue information and ignores

interactions among multiple queues. The decentralized DV FS scheme

can work fairly well in an MCD processor where frequency change
in one clock domain has negligible or littleimpact on other domains
and queues. For example, for the 4-domain MCD processor stud-
ied in Section 4 which has a fan-out structure, decentralized DVFS
works quite well, as shown by the experimental results in Section
4.
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Figure 15: Average relative energy savings over the 6 Media-
Bench benchmarksas a function of g, s

However, for an MCD processor with more elaborate domain
partitions and strong interactions among multiple queues, a central -
ized online DVFS scheme may be needed in order to make correct
and efficient scaling decisions. For example, in a system where
three clock domains are in series with two queues in between, the
status of first queue will not only depend on its neighboring do-
mains, but also depend on the status of the downstream queues
and domains. So, in this case, online DVFS needs to look at the
status of all queues to make correct and efficient control actions.
Otherwise, a clock domain can be confused by information from
individual local DVFS controllers—one scenario is, when its input
and output queues are both full, the local controller for its input
queue will suggest a speed increase while the local controller for
its output queue will suggest the opposite.

A systematic approach to design a centralized DVFS scheme
needs to extend the DVFS framework in Section 3 using a global
control theory. A new analytic model isfirst needed for all queues
inan MCD processor which interact with each other. We can gener-
alize the single queue-domain model used in previous sections into
a queue-domain network. For each clock domain, its input queue
can take flows (demand) from multiple sources (either a upstream
domain or an external input source) through ajoin operation. Also,
aclock domain can send out flows to multiple destinations (either
a downstream domain or an external output sink) through a split
operation. For this system, due to the interactions among multiple
queues and domains, the actual execution speed . and the arriving
flow rate (demand) A for a clock domain will be affected by the
status of all related queues. For example, . for a domain will be
zero if its downstream queue isfull. Similarly, A for adomain will
be zero if its upstream queue is empty. To analytically model these
interactions, we need to use tools like an indicate function 1() and
introduce a flow-matrix A. The indicate function is defined as

ifx >0

ifz<0 (14)

and the flow-matrix A defines how the tasks flow from one domain
to another for a given queue-domain network.

With an analytical model for this system, control can be achieved
by feeding back the state variables (the so-called state feedback
with integral control [14]). Intuitively, this means frequency and
voltage are controlled using all queue information as feedback sig-
nals. Note that, the design of an actual control law may need some
linearization techniques in order to eliminate the nonlinearity due
to presence of the indicate function.

The above extension to centralized DVFS control is one of the
topics we are currently exploring. We have obtained a detailed an-
alytic model and a practical global DV FS decision algorithm based
on DVFS controllers. The details are beyond the scope of this pa-
per.
Apart from the above extension, there are some other avenues



for future exploration. In this paper, in an attempt to have a better
comparison with the results from prior work, we have chosen many
design optionsto be identical to those used earlier, such asusing the
average queue occupancy for a fixed interval length of 10k as the
feedback measure. We are currently investigating how these design
options affect the DVFS control and if we can choose better design
options or even make them adaptive. We are also considering an
analytic framework for an event-driven DVFS scheme, which is
different from the interval-based DVFS approach in this paper (a
simple example for an event-driven DVFSisin [11]).

6. CONCLUSIONS

In this paper, we have presented an analytic online scheme for
dynamic voltage and frequency scaling (DVFS) in amultiple clock
domain (MCD) processor. There are two salient features about the
proposed DVFS scheme. Firgt, it is online and dynamic workload
driven. Second, it takes a rigorous analytic approach and is guided
by control theory.

Compared to the best-known prior online DVFS, whichisheuristic-
based, our online DV FS scheme has achieved a2-3 fold increasein
efficiency. In addition, our control theoretic technique is more re-
silient and complete. For example, we can guarantee stability and
achieve significant energy savings even under extreme cases. Fur-
thermore, our scheme has the advantage of requiring less tuning
effort and having better scalability.

Specifically, we model the MCD processor as a queue-domain
network and the corresponding online DVFS as a feedback control
problem. We have described the modeling, analysis, design, and
implementation of the proposed DV FS controller. Our experimen-
tal results show that we have achieved an Energy-Delay product
improvement which is 146% higher than that from the best-known
heuristic-based online DVFS, and 11% higher than that from an
semi-oracle-based DV FS scheme.

We believe the techniques and methodology described in this
paper can be generalized for effective energy control in proces-
sors other than MCD. For example, there are many tiled CMPs
in research now [8], and the ideas here would transate nesatly to
DVFS for them as well. Furthermore, the formal control tech-
niques described here for DVFS can also serve as examples for
applying control theory to other aspects of dynamic execution in
high-performance CPUs.
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